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You're running a company, and you want to develop learning algorithms to
address each of two problems.

Problem 1: You have a large inventory of identical items. You want to predict
how many of these items will sell over the next 3 months.

Problem 2: You'd like software to examine individual customer accounts, and for
each account decide if it has been hacked/compromised.

Should you treat these as classification or as regression problems?
Treat both as classification problems.
Treat problem 1 as a classification problem, problem 2 as a regression problem.
Treat problem 1 as a regression problem, problem 2 as a classification problem.

Treat both as regression problems.
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Of the following examples, which would you address using an
unsupervised learning algorithm? (Check all that apply.)

* Given email labeled as spam/not spam, learn a spam filter.
+ Given a set of news articles found on the web, group them
into set of articles about the same story.

» Given a database of customer data, automatically discover
market segments and group customers into different market
segments.

+ Given a dataset of patients diagnosed as either having
diabetes or not, learn to classify new patients as having
diabetes or not.
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if
"The data fit a normal distribution. P value>.05"
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Chi square test: ©.23046991808461853

p value: 1.0 34

The data fit a normal distribution. P value>.@j

Dr. Hasan Ghasemzadeh

6/2/2026

17



K.N. Toosi University of Technology

# o obedle

Adv. App. of Al and DT 35

iy oA 5 Calise slag 555 (51 et
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norm - p_value: 1.0
expon - p_value: 1.0
C:\Users\ASUS\AppData\Local\Packages\PythonSoftwareFoundation.Python.3.12_gbz5n
istns.py:6617: RuntimeWarning: invalid value encountered in log
Indata = np.log(data - loc)
lognorm - p_value: 1.8
gamma - p_value: 1.8
beta - p_value: 1.0
chi2 - p_value: 1.

Best fitting distribution: norm
Best parameters: (np.float64(4.960499899240569), np.float64(2.018605804698402))
Best p-value: 1.0
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