Mathematics for AI

Lecture 16




The gradient vector




The gradient and steepest directions
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Moving perpendicular to gradient
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Definition of differentiability
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Limits in higher dimensions
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Hadamard Product
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Example
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Example: Least Squares
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Example: Least Squares




Example: Least Squares
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Easier method of calculating gradient
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Inner product




Inner product for matrices
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Compute gradient (easy way)
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Compute Gradient (easy way) least squares
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