Mathematics for AI

Lecture 17

functions of matrices, linear regression, vector valued multivariate
functions, Jacobian




Functions on matrices
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Functions on matrices, Example




Functions on matrices, Example 2
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Linear Regression
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Linear Regression
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Linear Regression




Linear Regression
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Linearization
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Vector-valued multivariate functions
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Vector-valued multivariate functions:
linearization
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The Jacobian matrix
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The Jacobian matrix: Example




Calculating the Jacobian: method 1
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Calculating the Jacobian: method 2
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Calculating the Jacobian: method 2 - Example
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