Mathematics for AI

Lecture 26
Sampling (Cont.)




Sampling (Review)
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Sampling Continuous Distributions
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Sampling Multivariable Distributions
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Sampling Multivariable Distributions -
Independent Case




Sampling Multivariable Distributions - Using Chain Rule
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Sampling Multivariable Distributions - Using Chain Rule
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Example: Samplmg from a Markov Chain
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Example: Sampling from a Markov Chain




Sampling Using Change of Variables
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Example: Multivariable Gaussian Distribution
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Example: Multivariable Gaussian Distribution
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Example: Multivariable Gaussian Distribution

Dvaw Gump\es' fvom N((])Z)
X‘:Yz, = ))(V"

4

T
q- pewmpoSQ Z as Z i AA

‘fay J‘:\..syy\-.
ij“ N(é:l)
X4=AY’

= X’(‘ avy <€ vawpleﬁ evovﬂ /V('(])Z>




Using Cholesky Decomposition
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Example: Multivariable Gaussian Distribution
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Markov Chain Monte Carlo methods



